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Al-driven digital image art creation: methods and case analysis
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Abstract: In recent years, the rapid advancement of artificial intelligence technology has introduced novel tools for the
realm of digital image creation. The use of Al tools for digital image creation has gradually become a common practice.
In this context, this paper analyzed the methods and cases of Al-driven digital image art creation through interviews, sur-
veys, and case analyses. The survey revealed that the majority of respondents believed that Al tools had a significant im-
pact on their creative process, especially the widespread use of direct output from artificial intelligence methods in digital
image art creation. By analyzing the cases in detail, this paper revealed the typical paradigms of Al-based digital image
art creation and summarized them as the “Al art creation workflow”, which included AI direct output, Al assisted draw-
ing, and ControlNet precision drawing. These methods can effectively replace repetitive steps in digital image creation
and improve image output efficiency, assist in digital image drawing and break through the conventional drawing ideas,
and achieve precise and controllable expression of digital image art content.
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